ABSTRACT
Oceanographic data layers were selected on the basis of availability, coverage and previously through a randomisation procedure (Thuiller et al., 2009 (Thuiller et al., , 2014 
231
Maximum displacement from the colony ranged between 153km and 1185km, with a mean ±
232
SD of 744 ± 249km. Trip duration ranged between 0.6 and 6.1 days, with a mean of 2.9 ± 1.3 233 days. All trips involved at least one foraging event (based on landing rate derived from the 234 immersion data), with a mean of 6.1 ± 3.7 foraging events per trip (range 2 -17).
235
Sex data were obtained for a small sub-sample of tracked birds (n=8, 2009-10; n=5, 2011-12) , 236 but no differences in foraging trips between sexes were detected in this sub-sample (Fig. 1) .
237
Owing to restrictions of sample siz, sex effects were not included in further population-level 
241
Median SST and chl-a concentration were important contributory variables to EENMs 242 contructed for both years of the study, suggesting these biophysical variables strongly 243 influence albatross foraging over the scales investigated by our models (Table 1) 
251
TFreq=0.037; RICC depth=0.086).
253
Spatial predictions of EENMs identified suitable foraging conditions across neritic (<500m spatial predictions of habitat suitability across the accessible area were very similar in extent 257 and direction among years (Fig. 3a,b) . Regions of high habitat suitability were associated with 258 particular SST ranges (3-8°C, 12-13°C) and productive regions (median chl-a >0.5 mg m -3 ) of 259 the area accessible to foraging birds. The APFZ (Fig. 2e,f) was also identified as an area highly suitable for foraging in both years (Fig. 3) , although this zone lies at the extremes of 261 the area accessible to birds during this breeding stage (Fig. 1 
274
Model response curves for each environmental variable were comparable among algorithms.
275
GAM, RF and BRT in particular generated model sets with very similar response curves for 276 SST (Fig. 4) , TFreq and depth, although less consistency among algorithms is evident in chl-a 277 response curves. MaxEnt models were subject to greater inconsistency in predicted responses
278
(Figs. S1 -S3).
280
Similarly, spatial predictions of models fitted using the GAM, RF and BRT algorithms were 281 comparable in the extent and location of suitable habitats identified, and in the scaling of the 282 habitat suitability index (HSI) in these regions (Fig. 5 ). MaxEnt models, however, generated 283 more spatially restricted predictions with overall lower HSI predicted throughout the 284 accessible area. For these reasons, we did not include MaxEnt in the final EENMs per year.
285
The location and extent of suitable habitats identifed and the scaling of HSI in EENM 286 predictions integrated the predictions of the GAM, RF and BRT algorithms, smoothing over 287 variation between model frameworks (Fig. 3) . Spatial predictions of all single-algorithm 288 models were similar in extent, location and HSI scaling among years ( comparison with all single-algorithm models for both years. However, the True Skill Statistic
295
(TSS) selected Random Forest (RF) as the best performing in both years ( 
302
(AUC, TSS, Boyce Index), although AUC and TSS ranked single-algorithm models in a 303 similar order in both years (e.g. AUC = RF, BRT, GAM, MaxEnt; Table 2 ).
305
The exclusion of MaxEnt models from the final EENMs per year had little effect on model 
356
Antarctic krill Euphausia superba, and, less commonly, lamprey Geotria australis, 357 mesopelagic fish and gelatinous zooplankton (Rodhouse et al., 1990 , Reid et al., 1996 , Xavier 358 et al., 2003 , Catry et al., 2004 . Although the diet of the tracked birds was not determined in 359 the current study, their distribution was broadly comparable with previous years when all 360 these prey types were recorded (Catry et al., 2004 , Xavier et al., 2003 . This suggests that the 
386
In previous studies in the region, the spatial extent of the APFZ has been estimated using 
393
The Tfreq index, used here for the first time in the Southern Ocean, is an objective, synoptic 394 product that enables incorporation of mesoscale oceanographic dynamics in broad-scale 395 ecological niche models (Scales et al., 2014) .
397
In addition to the selection of environmental data layers, analytical scale is a key aspect of the 
448
As TSS is implemented in the biomod2() framework, we chose this metric over AUC for 449 model selection for EENM. We also implemented the Boyce Index as a comparative measure 
